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~3import torch
~>from torch import nn

class LogisticRegression(nn.Module):
def —IRTE " (self, in):
—  super().__init_ ()
self.log_reg = nn.Segyential(
~nn.Linear(in, 1),

—nn.Signoid() L—/J
)

def forward(self, Xp: Forward computation of the model

return self.log reg(x) with inputs x

Custom layers for DL
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model = LogisticRegression(Lﬁ/

c_r"ifyr'_p.n =ﬂ1'.BCELoss()

optimizer = torch.optim.SGD(model.parameters(), 1lr=0.01)
LS —

for t in range(n_epochs):
y-pred = model(x)
0ss = criterion(y_pred, -L)
optimizer.zero_grad()
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e Optimization step
optimizer.step()
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